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* DnCNN [1]: Zhang et al. proposed a Y )
deep convolutional neural network which
improves the denoising performance by 4 Experimental Results N\

stacking multiple blocks of convolutional
layers, batch normalization, and ReLU
activations.

* RDUnet [2]: Javier Gurrola et al. present
a residual dense neural network for
image denoising based on the densely
connected hierarchical network.

* UNet [3]: Ronneberger et al. proposed
the UNet framework for Biomedical
Image Segmentation. There are 4 down-
sampling blocks and 4 up-sampling
blocks.

* ResNet [4]: Zhang et al. proposed in
2016. Each block was given by adding

¢ Results on denoise work:
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residual learning operation to improve (a) Ground truth (b) Noisy (c) UNet
the performance of image recognition. e Results on deblur-denoise work:
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