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i Motivation LY Method )
. Image Super Resolution models perform «  This project is based on existing Image Super Resolution method SR3[1].
well on original in-domain data but fails to
generalize to new out-of-domain data. Yo ~pIx) Ye-1 Ve yr ~N(0,1)

. Related research is almost absent! qelye-1)
& Try to find out whether fine-tuning can

mitigate this problem.
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SR s ‘t Jo . We fine-tuned the pre-trained SR3 model with limited steps, amount of
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' Ky 5 new domain data and range of time step.
L 7\ J
Qualitative Results Quantitative Results
PSNR ssim LPIPSY [2]
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